
Voice AI systems promise seamless, human-like interaction but in practice, failures happen often and at multiple
points. Industry leaders like Suprmind.ai and global service providers such as Air Canada have wrestled with this
challenge, learning valuable lessons along the way. According to Gartner, approximately 79-90% of agent behavior
issues stem from system-level breakdowns—not just the underlying AI model.

Understanding how to attribute failure accurately between audio problems and reasoning errors is crucial for
deploying robust voice agents. This post explores practical strategies and concepts like the seven breakpoints,
retrieval-augmented generation (RAG), and high-precision entity confirmation. By the end, you’ll have an effective
framework for failure attribution and evaluation review that sets voice AI efforts up for success.

Why Failure Attribution Matters in Voice AI
In a typical voice AI interaction, multiple components work together to understand and respond to customer
queries: speech-to-text, natural language understanding, reasoning and generation, tool integrations, and
verification processes. When a call goes wrong, teams often struggle to pinpoint whether the cause lies in the
audio pipeline (hearing) or in the reasoning/model components.

This distinction isn’t academic. Misdiagnosing the root cause leads to inefficient fixes, wasted resources, and
frustrated customers. In fact, evidence from several deployments including those by Suprmind.ai and Air Canada
highlights that voice agents fail primarily as systems, not just models. That means the entire orchestration—from
hearing to tool calls and verification—must be evaluated holistically.

Gartner’s recent research supports this: 79-90% of agent misbehavior tracks back to system-level issues,
underscoring the need to break down failure attribution carefully.

The Seven Breakpoints: Your Roadmap for Failure Attribution
At its core, separating audio from reasoning failures involves understanding the “seven breakpoints” in the voice
AI architecture:

1. Hearing: Audio input processing and transcription accuracy

2. Retrieval: Static knowledge lookup or external data fetching

3. Generation: Language model’s reasoning and response formulation

4. Tool Call: Invoking live APIs like order management

5. State: Managing session and conversational context

6. Authority: Trustworthiness and access control to data sources

7. Verification: Confirming entities before read/writes and validating outputs

Let’s unpack AI disclosure in greeting each breakpoint to understand what diagnostics and tools help differentiate
audio-related problems from reasoning errors.

1. Hearing: Transcription and Audio Quality

This is where the spoken word converts into text. Failures here include mishearing accents, background noise
interference, and word substitution errors.

Validate by replaying audio vs. transcription logs

Use confidence scores for speech recognition

https://suprmind.ai/hub/insights/voice-ai-hallucinations/


Test in controlled environments for baseline accuracy

If the transcription is incorrect, the downstream reasoning will fail regardless of model quality. So yeah,. Many
vendors blame the model when speech logs show poor validation—a practice to avoid.

2. Retrieval: Static Fact Lookup Using RAG

Voice agents often integrate Knowledge Bases (KB) or FAQs using retrieval-augmented generation (RAG) to
ground responses on factual data.

RAG queries a static corpus to augment language model outputs

Failures stem from outdated or incomplete KB entries, or from the retrieval system not fetching relevant
documents

Audio errors won’t impact retrieval but generation does

Evaluating retrieval requires analyzing logs for document retrieval accuracy and match quality, independent from
audio problems.

3. Generation: The Reasoning and Language Model

Generation synthesizes responses combining retrieved info, conversational context, and reasoning. Issues include
hallucinations, incomplete answers, or irrelevant information.

Assess generation quality by:

Cross-referencing generated outputs against trusted sources

Running targeted evaluation reviews of dialogue transcripts

Checking for hallucination patterns unrelated to audio mishearing

4. Tool Call: Live Customer-Specific Data Access

Tools such as an order management API provide dynamic data during conversations.

Failures in tool integration cause reasoning problems unrelated to audio

For example, incorrect order status might be returned despite correct transcription and generation

Validations here ensure the model calls APIs correctly and handles responses adequately

5. State: Session and Context Tracking

Maintaining conversational state ensures consistent interactions. Loss or corruption here leads to errors mimicking
reasoning issues but are actually system deficiencies.

Check state management by:

Reviewing logs for context preservation

Testing multi-turn dialogues for coherence

6. Authority: Data Access and Trust Boundaries

Managing permissions and trust for sensitive data is critical. If authority fails, the system might refuse legitimate
requests or expose unauthorized data, which are reasoning logic problems rather than audio errors.



7. Verification: High-Precision Entity Confirmation Before Lookups and Writes

Before executing tool calls or storing data, the system should confirm entities (e.g., customer name, order number)
with high precision to avoid compounding errors from earlier stages.

Verification catches reasoning mistakes due to misrecognition or generation errors

Audio issues typically surface before this stage

Example: Confirming an order number twice before triggering the order management API

How Suprmind.ai and Air Canada Leverage These Breakpoints
Suprmind.ai uses a modular framework breaking down voice AI into these components to accelerate
troubleshooting. By logging events and decisions across the seven breakpoints, their teams rapidly identify
whether failures stem from transcription noise, retrieval inaccuracies, policy misalignment, or verification misses.

Air Canada implemented high-precision entity confirmation before calling their order management API to
drastically reduce errors from misheard reservation numbers. This strategy distinguished audio capture errors from
reasoning-related tool call faults, enabling smoother iterative improvements.

Practical Steps for Accurate Failure Attribution and Evaluation Review
1. Instrument and log each breakpoint: Collect audio, transcription confidence, retrieval success, generation

outputs, API calls, session states, and verification dialogs

2. Run systematic evaluation reviews: Cross-check failure scenarios by breakpoint to determine root cause

3. Use retrieval-augmented generation (RAG): Separate static fact errors from audio or reasoning problems

4. Leverage tools like order management APIs carefully: Validate inputs with entity confirmation before live
customer-specific data calls

5. Visualize failure distribution: Quantify how much failure arises in audio vs. reasoning vs. system
orchestration

6. Train teams and vendors on system-level thinking: Avoid blaming models when logs reveal validation
misses elsewhere



Summary Table: Audio vs. Reasoning Failure Characteristics
Aspect Audio Problem Indicators Reasoning/System Problem Indicators Transcription Misheard words, low
confidence, noisy audio Correct transcription but incorrect interpretation Retrieval Not impacted by audio errors
Wrong or missing KB records, irrelevant docs fetched Generation Confused if input text is inaccurate
Hallucinations, incomplete logic, irrelevant responses Tool Calls Proper call parameters from correctly heard inputs
Failed API calls, incorrect data returned or misused Verification Entity confirmation fails due to misheard info Logic
errors in confirmation or ignoring verification

Final Thoughts
Separating audio problems from reasoning problems in voice AI requires viewing the voice agent as a complex
system with multiple critical breakpoints. Success relies on treating failure attribution as a system engineering
problem, not just a model evaluation exercise. By leveraging frameworks like the seven breakpoints, retrieval-
augmented generation (RAG) for static facts, and meticulous verification protocols before tool calls (e.g., to order
management APIs), organizations can increase transparency, accountability, and ultimately, agent reliability.

Leaders like Suprmind.ai and Air Canada have demonstrated that investing in system-level instrumentation and
evaluation review unlocks a new level of operational excellence in voice AI performance. Aligning to this approach
prevents the common pitfall of blaming the model unfairly and enables targeted resolution—reducing failure rates
and improving customer satisfaction.

If your team struggles to pinpoint whether failures stem from audio or reasoning, start by instrumenting for the
seven breakpoints and reviewing failures with a system-wide lens. The results will surprise you.


